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Abstract

In the information age, knowledge is the most important and valuable
asset of any organization. This research is based on the purpose of the
type of applied research that was done using the survey method and
analytical approach. The statistical population was managers, faculty
members, and scientific assistants of Golestan University in 2025, and
due to the limited nature of the research population, Morgan's table was
used, and the required sample size for the current research was 187
based on the statistical population of 365 people, and on this basis, the
number of 190 The questionnaire was collected using stratified relative
sampling method. In order to measure the reliability of the research tool,
Cronbach's alpha was used and in order to check the validity of the
questionnaire, first and second order confirmatory factor analysis was
used. The findings showed that in the barriers to maintaining and
developing human resources knowledge, the three factors of
organizational culture, organizational structure, and management are
below average, and the two factors of information technology and
human resources are slightly above average. Also, the use of artificial
neural networks to predict the level of maintaining and developing
human resources knowledge showed that the current research model
with three neurons in the hidden layer would reach the highest level of
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prediction accuracy, which is 0.893. The dimensions of reward,
support, and knowledge sharing, respectively, play the highest role in
the predictive power of the model. The results showed that the
infrastructural indicators of knowledge management at Golestan
University, especially in the three factors of organizational culture,
organizational structure, and management, require immediate attention
and action.

1. Introduction

Universities need to manage their knowledge assets and work creatively
to maximize the enablers and minimize the barriers associated with
knowledge management processes. Globally, universities are
considered key drivers of the economy and have significant potential to
act as engines of economic growth and development. However,
universities face a wide range of challenges, including the emergence
of the knowledge society, the globalization and internationalization of
universities, reduced funding and government support, increasing
undergraduate enrollment, and expanding access (Ramjeawon &
Rowley, 2020). Effective knowledge management practices help
universities improve their efficiency and effectiveness, become more
competitive, and contribute to the wealth of their countries (Fussy,
2018).

The purpose of the present research is to examine the status of the
infrastructural indicators of the successful implementation of
knowledge management at Golestan University at three levels:
managers, faculty members, and scientific assistants, and design a
predictive model for it. For this purpose, the status of various
infrastructure  dimensions such as management, information
technology, human resources, organizational culture, and
organizational structure for the successful implementation of
knowledge management in the university was examined, and then based
on the knowledge management infrastructure indicators and using
artificial neural networks, an optimal predictive model was presented.

2. Literature Review
Previous studies have identified several enablers (factors that enhance
knowledge management) and barriers (factors that have an adverse
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effect on knowledge management). Many of these factors can have a
positive or negative impact on knowledge management processes such
as knowledge creation, knowledge sharing, and knowledge transfer.
The most frequently identified factors include culture, rewards and
incentives, technology, leadership, organizational structures, and
university-industry linkages. Few studies have also identified the
importance of strategies and policies, human resources, and resources
and budget (Ramjeawon & Rowley, 2020). In past research, approaches
to barriers to knowledge management implementation have varied.
Wolf et al. (2024) identified three root challenges that frequently appear
in the path of knowledge management implementation: 1-
Organizational prerequisites for implementing a knowledge sharing
culture 2- Use of ICT for knowledge transfer 3- Knowledge
transformation. Remus (2012) distinguishes challenges to
implementing knowledge management based on the stage of the
implementation process in which they appear (such as knowledge
creation, sharing, transfer, or retention).

3. Methodology

This research is based on the purpose of applied research and was
conducted using a survey method and an analytical approach. The
statistical population of the research was managers, faculty members,
and scientific assistants. Due to the limited research population, the
Morgan table was used. The sample size required for the present study
was 187 based on the statistical population of 365 people, and on this
basis, 190 questionnaires were collected. Data collection was carried
out through a questionnaire using a relative stratified sampling method.
In the first part of the questionnaire, the demographic information of
the respondents, including gender, education, etc., was collected, and in
the second part, the research variables were measured. In the first step,
the status of Golestan University in terms of infrastructure indicators
for maintaining and developing human resources knowledge was
examined at three levels of managers, faculty members, and scientific
assistants, and the results of each class were compared. In the second
step, artificial neural networks were used to predict the maintenance



Summer 2025 |No.43 | Vol. 12 |Knowledge Retrieval and Semantic Systems|4

and development of human resource knowledge based on infrastructure
indicators.

4. Results

An examination of the status of human resource knowledge
maintenance and development factors at the overall level of Golestan
University shows that, in a general view, the level of management
variables, organizational structure, and organizational culture is not in
a desirable state and is below the average level, and the human resource
and information technology variables are above the average level. In
order to predict the success rate of human resource knowledge
maintenance and development at Golestan University, artificial neural
networks were used. The results showed that the present research model
with three neurons in the hidden layer will reach the highest level of
prediction accuracy, which is 0.893. The results of sensitivity analysis
using artificial neural networks showed that all the infrastructural
dimensions of human resource knowledge maintenance and
development studied in the present study are important in the success
of knowledge management and their existence is mandatory in the
university complex, but the dimensions of reward, support, and
knowledge sharing have been assigned the first, second, and third ranks,
respectively, which indicates the greater importance of these
dimensions than other dimensions based on the impact on the predictive
power of the model.

5. Discussion

The results showed that in terms of the status of the human resources
knowledge maintenance and development indicators at Golestan
University at all three levels of managers, faculty members, and
scientific assistants, the status of the two factors of human resources
and information technology is above the average level, and the status of
the three factors of organizational culture, organizational structure, and
management is below the average level. In other words, there is
consensus at each level studied at Golestan University regarding the
identification of the most important obstacles to the implementation of
knowledge management. On the other hand, although in terms of the
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status of the infrastructural indicators of knowledge management at
Golestan University at all three levels of managers, faculty members,
and scientific assistants, the two factors of human resources and
information technology have obtained numbers above the average
level, the numbers obtained are not so impressive and desirable that
these two factors can be considered as strengths in the implementation
of knowledge management and it can be inferred that the university is
in a good position in these two factors and does not need any activity.
In fact, the results of this step show that the infrastructural indicators at
Golestan University, especially in the three factors of organizational
culture, organizational structure, and management, require immediate
attention and action.

6. Conclusion

The findings showed that in the barriers to maintaining and developing
human resources knowledge, three factors of organizational culture,
organizational structure, and management are below average, and two
factors of information technology and human resources are slightly
above average. Also, the use of artificial neural networks to predict the
level of maintaining and developing human resources knowledge
showed that the current research model with three neurons in the hidden
layer will reach the highest level of prediction accuracy, which is 0.893,
and the dimensions of reward, support, and knowledge sharing,
respectively, have the highest role in the predictive power of the model.
The results showed that the infrastructural indicators of knowledge
management at Golestan University, especially in the three factors of
organizational culture, organizational structure, and management,
require immediate attention and action.
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